Chief Editor
Dr. A. Singaraj, M.A., M.Phil., Ph.D.
Editor

Mrs.M.Josephin Immaculate Ruba

EDITORIAL ADVISORS

Prof. Dr.Said I.Shalaby, MD,Ph.D.
Professor & Vice President
Tropical Medicine,
Hepatology & Gastroenterology, NRC,
Academy of Scientific Research and Technology,
Cairo, Egypt.
Dr. Mussie T. Tessema,
Associate Professor,
Department of Business Administration,
Winona State University, MN,
United States of America,
Dr. Mengsteab Tesfayohannes,
Associate Professor,
Department of Management,
Sigmund Weis School of Business,
Susquehanna University,
Selinsgrove, PENN,
United States of America,
Dr. Ahmed Sebihi
Associate Professor
Islamic Culture and Social Sciences (ICSS),
Department of General Education (DGE),
Gulf Medical University (GMU),
UAE.
Dr. Anne Maduka,
Assistant Professor,
Department of Economics,
Anambra State University,
Igbariam Campus,
Nigeria.
Dr. D.K. Awasthi, M.SC., Ph.D.
Associate Professor
Department of Chemistry,
Sri J.N.P.G. College,
Charbagh, Lucknow,
Uttar Pradesh. India
Dr. Tirtharaj Bhoi, M.A, Ph.D,
Assistant Professor,
School of Social Science,
University of Jammu,
Jammu, Jammu & Kashmir, India.
Dr. Pradeep Kumar Choudhury,
Assistant Professor,
Institute for Studies in Industrial Development,
An ICSSR Research Institute,
New Delhi- 110070, India.
Dr. Gyanendra Awasthi, M.Sc., Ph.D., NET
Associate Professor & HOD
Department of Biochemistry,
Dolphin (PG) Institute of Biomedical & Natural
Sciences,
Dehradun, Uttarakhand, India.
10. Dr. C. Satapathy,
Director,
Amity Humanity Foundation,
Amity Business School, Bhubaneswar,
Orissa, India.

\

| SSN (Online): 2455-7838
SJIF Impact Factor (2017): 5.705

EPRA International Journal of
Research &
Development
(1JRD)

Monthly Peer Reviewed & Indexed
I nternational OnlineJour nal

Volume: 3, Issue:11,November 2018

= Published By :
*)' EPRA Journals

CC License

‘@@@@\

N




e

SJIF Impact Factor: 5.705 Volume: 3| Issue: 11 | November | 2018 ISSN: 2455-7838(Online)
EPRA International Journal of Research and Development (1jrp)

FREQUENT ITEMSET MINING USING HADOOP

Archana Nikam'
1Pimpri Chinchwad College of Engineering, Nigdi Pradhikaran, Akurdi, Pune

Sandhya Waghere?
2Pimpri Chinchwad College of Engineering, Nigdi Pradhikaran, Akurdi, Pune

¢

ABSTRACT \

arching frequent item-sets in large size heterogeneous databases in minimal time is considered as one of the most

important data mining problem. As a solution of this problem, various algorithms have been proposed to speed up

execution. Most of the recent proposed algorithms focused on parallelizing the workload using large number of machine

in distributed computational environment like Map Reduce framework. A few of them are actually capable to
determine the appropriate number of required computing computers, considering workload balancing and execution

efficiency. But internally not capable to determine exact number of required iteration for any large size datasets in

advance to find out the frequent item-set based on iteraiive sampling. In this paper, we propose an itmproved and

compact algorithm (ICA) for finding frequent item-set in minimal time, using distributed computational environment.

It is also capable of determining the exact number of internal iteration required for any large size datasets whether data

is in structured or unstructured format.[2]

KEY WORDS: Frequent itemset mining, ICA,mapreduce. /

1. INTRODUCTION

Frequent item-set mining is one of the most important
techniques to find out frequent item-sets in data mining.
Industries use the extracted frequent item-sets in decision
making or setting policies. For example a retail-sector
company is interested to know customer buying habits in
particular area to sell out their product. Here, frequent
item-set mining helps the company to know customer
buying habits. On the other hand, even government of
nations use the frequent item-set technique to extract
useful information that further help to provide better
services to people. Frequent item-set mining is the part of
frequent pattern mining where frequent pattern
represents those sub-sequences and sub-graphs which are
occurred many times frequently in a given data sets.
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Traditional data mining tools fails to extract frequent
item-sets when the size of transactional database is too
large to compute. In Big Data era, we need a new
approach to compute frequent item-sets where data-sets
consist of millions of records. Researchers proposed
various approach to deal with Big Data challenges, but all
these approaches suffers from synchronization, work load
balancing and fault-tolerance problem . To overcome this
problem MapReduce model come into existence,
originally proposed by Google.[2]
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2.SYSTEM ARCHITECTURE

3.2 Improved And Compact Algorithm
e It convert whole datasets into manageable data chucks
w (sample data sets) and send them to others nodes in
distributed computational environment . Each and every
nodes consisting of Mapper receive the data chunks or
. ] sample data in terms of key value. Here Mapper reads the
HDF'S for ""'W’““f‘l input in accordance with local minimum support and
‘l( assigned value after tokenization to the keyword that
o occurs first time. Mapper function generates the output in
i P
terms of key-value on each and every node. These
Mapper | | Redum.l Mapper output is passed to combiner function where
shuffle sort is used to shuffle all the key-values. A new
‘L key-value form is generated after combining the values
TCA Algonithm and _these values is further aggregat_ed by reducer
T function. R_edchr also_ checks the occurring frequ_en_cy of
each and individual item-sets to the global minimum
Mapper | Reducer support values. [2]
3.3 Apriori Algorithm
h ' Apriori is the classic algorithm for finding
Apriori Algorithm frequent item sets. It was proposed by Agrawal and
Srikant. Apriori uses bottom-up approach to find
frequent item sets. Frequent subsets are added one at
Result a time (join). This process is known as candidate
generation. The item sets are checked against the
3. ALGORITHM S/TECHNIQUE minimum support. _If the item set’s support count is
3.1 Hadoop MapReduce Programming less than the minimum support then the particular
model item set will be removed and this process is
Hadoop Framework is open source framework.it is ~ known as pruning. Apriori uses an efficient search
suitable for large data, and it is scalable.it provide fault ~ methodology called downward-closure property of
tolerance capability Hadoop provide map reduce support also called anti- monotonicity. This is also
programming model this map reduce model consist of 4 known as Apriori property which states that the
stages: subsets of the frequent item set is also frequent.
Input Split Likewise for infrequent subsets also.[1]
Mapping — —1 Ganecotecirwmeet | ,‘ Chack Suppont
Shuffling Y o | contanne - 1 At
Reducing . | EN ' |
|
INPUT FILE have been I D

stored into HDFS

Figure 2: Apriori Algorithm
( Split1 ) ( Split2 )—-( Splitn )

Tablel.Comparative study Of Algorithms

Algorith| Efficiency Quality | Scalability| Relevance| Accuracy
Mapping Mapping ) ms
Apriori Less Low No Yes Less
W] Eclat Less High No Yes Less
FP Less High No Yes Less
Growth
(Reducing ) ( Reducing ] ( Reducing ) ICA High Highest Yes Yes More

OUTPUT FILE have been

stored into HDFS
Figure 1: Hadoop Mapreduce Programming
Model[2]
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4. APPLICATION

Financial Data Analysis

Retail Industry
Telecommunication Industry
Biological Data Analysis
Intrusion Detection

customer credit policy analysis

5. CONCLUSION

We have validated and demonstrated the
effectiveness of the proposed approach on transactional
data-set under Hadoop architecture.

We use is an apriori algorithm for frequent item set
mining and association rule learning over
transactional databases. It proceeds by identifying the
frequent individual items in the database and extending
them to larger and larger item sets as long as those item
sets appear sufficiently often in the database.
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